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Speech Recognition Units in the Chinese Dictation Machines
Fang Zheng, Wenhu Wu, and Ditang Fang

ABSTRACT: In the Chinese Dictation Machine, the performance of the acoustic model will
directly affect the use of the language model and the quality of the machine, and flexibility of the
acoustic model is, to some extent, depend on the choosing of the speech recognition unit. A great
deal of comparison experiments have been done across a giant corpus using CDCPM-based
acoustic models. The results show that SYLLABLE should be a best choice. Meanwhile,
experiments on NN-based output observation scoring scheme have been done with good
performance.

Keywords:  Speech Recognition Unit, Center-Distance Continuous Probabilistic Model,
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