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Abstract: This paper present several case-deletion as well as local influence measures for assessing the F RSS

influence of an observation for Semi-parametric Beta Regression Model with Longitudinal Data. The

essential idea is to treat the latent random effects in the model as missing data and get the estimate

B
algorithm by adding penalized spline to estimate the non-parameters. We generate generalized Cook .
distance and generalized DFIT for the parametric and nonparametric part respectively based case-deletion bR
model by Q-function. Four different perturbation schemes are discussed. Two numeric examples are bARAHE

presented to illustrate the results.
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