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Abstract: Based on the research of BP neural newtork and chaos optmi ization algorithm,a
new hybrid optmi ization model is presented.Thismodel integrates chaos optim
ization algorithm with BP a Igorithm,which not only has a BPIgorithm’ s quick
local search capability,but also can converge strongly to the global optmial result
by using thehaos optim ization’ s global search character.The integrated optmi
ization model is applied to predict sand lique facion in practice.The results show
that it is an effective and feasible method to predict sand liquefaction and
canuickly converge to the globa loptimal result.
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