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Abstract: The double layer capacitated arc routing problem considers a high-level configuration problem | Rss

and a low-level routing problem, and its objective is minimize fixed costs and running costs of the whole
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system. A Knowledge-based Ant Colony Optimization (KACO) was proposed to the Double-layer

Capacitated Arc Routing Problems. The exploitation of heuristic information, dynamic parameter adjustment b AL
and local optimization characterized the KACO. The dynamic parameter adjustment decreased the b RS
sensitivity of parameters to final experimental results. The feasible solution was constructed with the » Bk
guidance of arc cluster knowledge and arc priority knowledge. Local optimization based on two-Opt b
heuristic largely improved the performance of KACO. In order to validate the performance of KACO, 87 b =T

benchmark problems were solved by KACO and some heuristic methods. Experimental results suggest that
KACO outperforms these methods.
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