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An EM-MAP-HMRF Multi-sensor Image Fusion Algorithm basing non-homogeneous
class and direction

Abstract:

In order to improving the target identification, Markov random field (MRF) is introduced in the target
fusion process to build prior probability model of a class. Then aiming at how to select model

parameter , an EM-MAP-HMRF feature-level fusion algorithm is proposed basing non-homogeneous class A A =

and direction. And then, 2 centric and distributed-based fusion schemes are derived, which consider the
different structures of feature-level fusion for multi-sensor images. The simulations show that the 2 new
fusion algorithms can not only improve the classification accuracy but also enhance the ability to anti-
interference, and they have the different advantages. The 2 new schemes can be used in various fusion
systems for different applications and finally improve the effectiveness of detection and identification for
specific targets.

Keywords:

W H 8] 2008-11-24 & 7] H 1] 2009-03-04 ¥ %% il & A H 1] 2010-07-25

DOI:

FATH -

[ SO B L 1 6 42(20040699015) s P AL Tl K% 75 4ERH 615 4 (5210102-0800-M016206) %4 1)
W IAE R B

YE& v

ARSI A RS

EEPEN

AT H R AR S B
1. KA TR0 ST S MAR LR i) U Rl A R PR [9]. D6 T2# 4K, 2006,35(5 ): 766-771

2. BRI R IR TR A A 0 R S D B RS TR I]. D T ARk, 2007,36(1 ): 180-183

3. HHll RED B Bt JETERES/DN BRI SR B I R PFHE]. D6 TR, 2007,36(4 ): 763-767
4. BRI PR B At IR D) AR T UV ISR 1Y 5 B M2 ORI [9]. 06 T-2#4k, 2006,35(8 ): 1162-1166
5. NN SREE ; XML B T AN R 2R N AR e I SAR S5 1) IO M RS IFFT[9]. 06 1-4#4k, 2006,35(8 ): 1263-
1267

T e

AIAE R
F Supporting info

F PDF(2662KB)
F HTML

b 23R
MR 5515 s it

P EASCHERE A IR
(I IR P S
NGNS =2

b HASC

F Email Alert

b SO
(RPN AT PSS

b B RE

F Markov it
F EMB

b &S )
b oA R A

b & R A

F A5



6. MECHE; RS IR R BTN S G RS BTSR[], O TR, 2006,35(4 ): 638-640

7. IR SRR AT R T D) R IR R il TR . D6 1R, 2005,34(12 ): 1901-1905

8. JKZL ;R — b HE A I 2 i MG 5 a0 IR RGBT TVA D] O 124, 2005,34(3 ): 452-454

9. MiEAE ;X L T2 FE T BOMIEOR AR A RS0 H AR ER Rl & 505 0], O6 179K, 2004,33(6 ): 725-727
10. TBEE; MG TN A S TR R E G R A [J]. 6T 4R, 2004,33(6 ): 736-738

11 BRI TR A R T A IE NS R R THHESE K Stokes BRI 1 [9]. Dt 1274k, 2005,34(8 ):

1270-1273
12. BB 2 AMS; ot

FT /IR B (1 AN [ i 15 I P PR Rl 15 0T

[J1. JeF2#i), 2004,33(2 ): 221-224

13. K4 /NG B Sk 285 T MarkovBENLIZ IH B 3SR E AL = 4k Wi B IR 1. D6 T243R,
2008,37(6 ): 1272-1276

14. FriiAR, R SRR, KR, R, 7 58 AR T R TU AR UG R G IR AT I [I]. D T2%4k, 2009,38(5): 1288-
1292

15. WHER, R ). AT IR I 2040 5 ] WO G Rl SR LI]. D614, 2009,38(6): 1498-
1503

EVFR GEERCAR AT A, AZR RS EARTCRI PRI A AAREASE U )

RBA || kA | |

&ﬁg | %ﬂﬁ%l 1875

7 ARtk

Copyright 008 by Y T-243R




