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Abstract:

In this paper, an improved TSK-Type fuzzy neural network (FNN) is proposed for short-term load
forecasting. The FNN is based on ellipsoidal basis function neurons consisting of a center vector and a
width vector, and has the following features: structure identification and parameters estimation are
performed automatically and simultaneously without partitioning the input space and selecting initial
parameters in advance; fuzzy rules can be recruited or deleted dynamically during the learning
process, and can be generated quickly without resorting to iteration algorithms. This growing and
pruning fuzzy neural network (GPFNN) is simple and effective. It can not only reduce the complexity of
the network but also accelerate the learning speed. The GPFNN is tested on the actual electric load data
from EUNITE competition data. Results show that it provides the superior accuracy when applying in the
short-term load forecasting.
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