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Abstract: The classic data mining algorithm produces a lot of frequent-item set, which is not applied to —
the massive data mining in Intelligent Transportation System(ITS). This paper proposes an algorithm AR AR
based on level grads without candidate items analysis that is used for computing association rules FRAE
under the heterogeneous environment. It uses the concept of both level grads and mining topic b IR

transaction databases forming the level transaction database and mining the local frequent-item. The b AT
main-node uses the concept of weakly-entropy to abstract some association rules. Simulation results b G
H

show that this algorithm has better performance in collaborative mining without candidate support.
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