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Based on the existing risk theory and combined with the practice of oceanic
construction, this paper introduced a new model for quantitative asessment of
natural risk in oceanic construction. To deal with the complex nonlinear mapping
between the risk events and their influencing factors, the BP neural network
smiulation was applied to quantifying the risk probability of each risk event.
Because of slow speed of the traditional arithmetic for training the newtork, a
new numerical optmiization technique was used to accelerate the convergence
of the backpropagation. And the Levenberg-Marquardt iteration, which can avoid
to compute Hessian matrix, is adopted as the learning rule to train the samples of
this feed forward network. This model, practically universal in this field, can
smiulate experts’ estmiates and calculate the risk probab ility according to

standard rules of assessment.
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