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Abstract: When the count of one class is much more than another class's, the result of IDF in TF-IDF goes the F Email Alert
wrong way according to its design idea. This paper solves the problem by using probability to change TF-IDF } RSS

algorithm. In the end, the experiment proves that the solution mentioned above is good at classifying webpage
text through a simple way to cumulative sum the value of characteristic words and the speed is faster and the
accuracy rate is promoted. b itz
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