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A concurrent negotiation model with automated learning capability

ZHANG Qian, QIU Yu-hui
(College of Computer and Information Science, Southwest University, Chongqing 400715, China)

Abstract: A concurrent negotiation model with automated learning capability was developed in trading environments. By

using Q-learning algorithm to propose own proposal and similarity criteria to evaluate the opposing party’s proposal, agents can

participate in concurrent multi-issue negotiation in semi-competitive situations in which there exists information uncertainty and

deadlines. This model enables the negotiation more effective.
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