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Power Quality Disturbance Classification Method Based on Improved Bayes Method
ZHANG Wen-tao, WANG Cheng-shan
(School of Electrical Engineering & Automation, Tianjin University, Nankai District, Tianjin 300072, China)

ABSTRACT: Based on improved Bayes method, two
improved classification methods for transient power quality
disturbances are proposed. In these classification methods the
feature of optimal classification in original Bayes method is
reserved, it makes the original Bayes method turning into
non-parametric classification and enlarges the applicability
range of classification, thus the optimal classification of
intercrossed samples which amount is limited. By use of
aternative transients program (ATP) five typical power quality
disturbance signals, such as voltage oscillation, voltage
interruption etc., are simulated, classified and recognized, the
classification results of transient voltage disturbances show that
the proposed two classification methods for transient power
quality disturbances possess good classification characteristics
and can be applied in wider scope.
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Fig. 2 Optimal classification linefor the samples
in two dimension space
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Fig. 3 Optimal classification line for the samples
in one dimension space
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