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A Global Optimization BP Neural Networks

SHENG Li, LIU Xi-yu, GAO Ming
( School of Information Management, Shandong Normal University, Jinan Shandong 250014, China)

Abstract Proposes GOBP( Global Optimization BP) neural networks in which combines the filled function method and Le-
venberg-Marquardt algorithm for training feed forward neural networks. With the L-M algorithm whose astringency is good, it
can find one of local minimal points quickly. Afterwards, the filled function method will be used t© find the point that is lower
than the minimal point previously found. By repeating these processes, a global minimal point can be obtained at last Practi-
cal exanples indicate that the method has a higher accuracy in astringency and works well in avoiding sticking in local minima.
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