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Fig.1 Various ST segment of ECG. (A) Normal; (B) ST
segment lowering of horizon type; (C) ST segment
lowering of sagging type; (D) ST segment lowering of
arciform type; (E) ST segment lowering of subsidence
type;  (F)
deficit type; (G) ST segment horizon and ST-T joint at

ST segment lowering of approximate blood

acute angle; (H) Ventriculus sinister fatness and injury;

(I) ST segment rise of variant angina and T wave rise
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Fig.3 Fuzzy logic system
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Fig.4 System block diagram of shape identify of ST segment
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Fig.5 Interception and standardization of ECG segment. (A) Original ECG signal; (B) Intercepted ECG

segment; (C) Standardized R-R segment
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Fig.7 Algorithm flow process diagram.

(B) Identification flow process diagram
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Fig.8 Nine ST segment in MIT/BIH data base
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Table 1 Shape identify result of ST segment
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SHAPE IDENTIFY OF ELECTROCARDIOGRAM ST SEGMENT BASED ON
RADIAL BASIS FUNCTION MANUAL NEURAL NETWORK

LIU Hai-long,  TANG Ji-ling
(School of Life Science and Technology, Huazhong University of Science and Technology, The Key Laboraiory of Biomedical
Photonics, Ministry of Education, Wuhan 430074, China)

Abstract: The shape identify of electrocardiogram ST segment with radial basic function neural
network with adaptive fuzzy system was studied. The network has faster learning speed than BP network.
It has the capability of incremental learning. It can indentify a new pattern over learning. The effect of
identify was better.

First, the article introduced simply basic principle of radial basis function neural network and fuzzy
logic system and then the authors designed radial basis function neural network based on adaptive fuzzy
system and its learing algorithm by combine fuzzy logical system with neural network. Lastly the test
result and discussion on classification of electrocardiogram ST segment were given.

Key Words: Radial basic function; Fuzzy system; Neural network; Shape identify



