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Algorithm of iris identification based on orthogonal Legendre moments

MA Li-hong', ZHANG Xue-dong', ZHAO Zhong-fu®
(1. Department of Computer Science and Engineering, Anshan University of Science and Technology, Anshan Liaoning 114044, China;

2. School of Engineering, Hong Kong University of Science and Technology, Kowloon Hongkong 999077, China)

Abstract: Orthogonal Legendre moments were utilized to achieve characteristics extract from an iris image. Each feature

vector, based on this algorithm, included the grey value and coordinate of each pixel in the image. Compared with other

algorithms based on moments, this algorithm not only favors the robustness, but also preserves the 2-D information of the

image. The experiment results indicate that the algorithm has good effectiveness and rationality.
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Ear recognition based on improved NMFSC

ZHANG Yu, MU Zhi-chun
(School of Information Engineering, University of Science and Technology Beijing, Beijing 100083, China)

Abstract: Based on ear recognition, an improved NMFSC ( Non-negative Matrix Factorization with Sparseness
Constraints) method was proposed by imposing an additional constraint on the objective function of NMFSC, which could
capture the semantic relations of coefficient matrix as orthogonal as possible. The interated rules to solve the objective function
with the constraint were presented, and its convergence was proved. The suitable weights were chosen for sub-region based on
class-cluster rule, which could get the optimal mapping overall similarity from sub-region similarity. The experiment results

show that the proposed method can obtain better performance.

Key words: ear recognition; Non-negative Matrix Factorization( NMF) ; sparseness
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