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Offset Calculation Method for Fuzzy Support Vector Machine

CHEN Jia-de, WU Xiao-jun
(School of Information Technology, Jiangnan University, Wuxi 214122)

Abstract Offset determines the position of optimal separating plane of Support Vector Machine(SVM) and Fuzzy Support \ector
Machine(FSVM) and affects the performance of classification greatly. In order to improve the recognition rate of FSVM, this paper proposes a new

calculation approach for offset based on Fisher discriminant analysis method and uses it to design FSVM multi-classification. Test results of three

data sets show that the recognition rate of FSVM using new offset is higher than the one using normal offset.
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