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Assistant fashion design model based on Markov prediction

JIA Jiangming, PAN Xiaohong, WANG Zhengxiao
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Abstract
fashion design model based on case-based reasoning (CBR) and Markov prediction (MP), attempting to solve

Expounding the importance of popular elements in fashion design, the paper proposed an assistant

the issue of intelligent fashion design that the modern fashion enterprises are faced with. The model has
combined information technology’s advantages (large capacity memory, high speed operation and detail analysis
ability) with designer’s empirical subjective judgement. According to the forecast popular elements set from
MP model, reasonable popular elements composition (fashion trend) was obtained through trend analysis . The

fashion trend was obtained by CBR search in design case library and, design results; by designer’ s
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modification and integration. Finally, the model was verified by practical applications in enterprise.
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Fig.1 Flowchart of assistant fashion design
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Fig.2  Search matching flowchart based on CBR
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Tab.2 Basic data
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Tab.3 Prediction results

MAT )y Markov Tl 45 A
wak 123 R R
i} i~ EVAE VR GG
i ORBHBL RIRIE Y. Bk 80 ) Eahsk. 5 a)

Br BN STOPN
4k A AN TNERAR
TZ JUANSEH 2Bl

AR 3 1 1) Markov TRINEE £, &5 & Ak it
IS 3%, 75 2 A AT MR AT 35 GRAT 2R I 41
T)e BRI PATIRATERAA 324 A, Bl U
(K15 A7 il Wk 4 Pros.

F4 AITRITEEGERD
Tab.4 Feasible fashion trends ( partially)
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Tab.5 Fashion trends
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Fig.3  Design results
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