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Abstract: To avoid the premature problem and the slow convergence of particle swarm optimization algorithm(PSO),an improved
particle swarm optimization algorithm(IPSO) is presented to used for determining molecular formulas of organic compounds.On the
basic of integer programming and the PSO with contraction factor,the IPSO with mutation probability is proposed to get a good
population diversity and to avoid PSO getting into local best result.The algorithm applied to determine molecular formulas of or—
ganic compounds is much better than those of PSO and PSO_HPO.
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