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Modified GEPSVM Based on Simple Eigen-values Problems
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Abstract Aiming at the flaw of singular problems appearing in GEPSVM, this paper proposes an improved GEPSVM——SMGEPSVM. Two
non-parallel surfaces are obtained by solving simple Eigen-values problems. Compared with GEPSVM, the approach can solve XOR problems, and
it further solves the simple Eigen-value problems, avoids the singular problems appearing in GEPSVM, it has better test set correctness and faster
training time. Computational results on artificial datasets and UCI indicate the better performance of SMGEPSVM.
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