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Grammatical Feature Extraction Algorithm for
String Kernel False Instance

LV Wei'?, LIN Wen-chang?, LI Lei?
(1. School of Information Technology, Zhuhai Campus, Beijing Normal University, Zhuhai 519085;
2. Software Research Institute, Zhongshan University, Guangzhou 510275)

[Abstract] This paper translates false instance in grammatical database to kernel matrix through String kernel method, uses Kmeans clustering
method to cluster the kernel matrix and separate the original false instance database into many characteristic tables with small capacitance. It
transforms large scale O(r®) kernel matrix into n/sxO(s®) (s <<n) matrix to decrease calculation amount, and analyzes the rule of the
grammatical check accuracy with the change of Kmeans clustering parameters. Experimental results show that this algorithm can enhance the

running speed without decreasing the accuracy of grammatical check.
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