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a-based Supervised Orthogonal Projection Reduction by Affinity

JIANG Run, ZHOU Ji-liu, LEI Gang, LI Xiao-hua
(School of Computer, Sichuan University, Chengdu 610064)

[Abstract] This paper introduces the idea of SLLE into the traditional method of OPRA, which proposes a new approach of a-based Supervised
Orthogonal Projection Reduction by Affinity(a-OPRA) for dimension reduction. Such method keeps the reservations of some flow-shaped structure
during high-dimensional to low-dimensional mapping, gets better orthogonal projection. The method by adding additional parameters to control the
degree of supervision, so in a purely supervised OPRA and unsupervised OPRA between there has been some compromise. Experimental results

show that this method can get better reduction result.
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