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New reduction strategy of large-scale training sample set for SVM
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Abstract: It has become a bottleneck to use Support Vector Machine (SVM) due to such problems as slow learning
speed, large buffer memory requirement, low generalization performance and so on, which are caused by large-scale training
sample set and outlier data immixed in the other class. Concerning these problems, this paper proposed a new reduction
strategy for large-scale training sample set according to the analysis on the structure of the training sample set based on the
point set theory. This new strategy gets the potential support vectors and removes the non-boundary outlier data immixed in the
other class by using fuzzy clustering. That can greatly reduce the scale of the training sample set and improve the generalization
performance by effectively avoiding over-learning caused by outlier data, and finally speed up learning rate without reducing
the classification accuracy.
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