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Mean-Shift object tracking based on scale invariant feature transform
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Abstract: Mean-Shift algorithm performs well in object tracking field because of its advantages of fast pattern matching
and non-parametric estimation. However, this algorithm has its inherent deficiencies. In order to improve the robustness of
Mean-Shift algorithm, the target was divided into a number of sub-regions in this paper, each sub-region individually used
Mean-Shift tracking, and those whose iterations are more than eight times quit. And Scale Invariant Feature Transform ( SIFT)
was employed to exclude those sub-regions with smaller matching key points. Finally, the object location was obtained

according to the sub-regions with more matching key points. Experiments show that the proposed method is of high robustness

in situations of occlusion, scale change, rotation, scene change, etc.
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