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Abstract: A new fusion of PCA and NMF combined with image fusing for face recognition method is proposed.The original images
are decomposed into high—frequency and low—frequency components by wavelet transform.PCA is used to subtract the features of
the lowest—frequency subimage.To the others,although they contain less energy than lowest—frequency subimage,they contain impor—
tant information about classification. NMF is used to subtract the features of the fusing image.The nearest neighbor classifier is used
to classification.And fusing the classification with weight.Experimental results show the method can improve face recognition rate.
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