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Method for Flatted and Parallel Training Samples
Selection Based on Support Vectors

WEN Yimin
Department of Information Engineering, Hunan Industry Polytechnic, Changsha 410007

Abstract In order to handle large-scale classification problems, this paper presents a machine learning method for hierarchically and parallel
training samples selection, based on the characteristics of support vectors that represent the classification information of training data. In this method,
according to the principle of divide and conquer, the original classification problem is divided into several small sub-problems. After that, the
training procedure is separated into two cascade phases. In each phase, all of the sub-problems are processed, their support vectors are extracted and
so the non-support-vectors are filtered out step by step. In order to keep the consistency, a cross-merger principle is introduced. The simulation
results indicate that the method speeds up training while maintaining the generalization accuracy of support vector machines(SVMs), and reduces the
number of support vectors (SVs).
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