55 30 &4 2 ) o 5 A OB E O Vol.30No.2
2008 2 H Journal of Electronics & Information Technology Feb. 2008

Bi&NMiIRZEET AE R = A

Flzj:\ H}%Jéﬁ) i:}_‘ '—5] ® tg, %ﬁ(D@)
Yok #EEEE R4 214122)
CCRMIERAURE % 223001)

O oGk MR RSN AEPSVR. B HE G e -SVR KA NMT UK ST ) B P pR 8L 7R
s IR FAE MR G A, TR, RIS RIS AL, %KLL e -SVR Dy IEA,  #in]
LAR I Ffok i SVR BIPLI S . SEIR ], 34 &AL AEPSVR 82 5 B IRBRE s, B R
Gz ek Re -

KR SRR ERAL AEN R

HESES: TPISL HAFRIRAD: A MEHRS: 1009-5896(2008)02-0367-04

SVR with Adaptive Error Penalization
Chen Xiao—feng® Wang Shi—tong® Cao Su-qun™®
®(School of Information, Southern Yangtz University, Wuzi 214122, China)
®(Department of Mechanical Engineering, Huaiyin Institute of Technology, Huaian 223001, China)

Abstract: A novel support vector regression method AEPSVR is proposed in this paper. First, an approximate
regression function is obtained using &-SVR method, and then a new adaptive error penalization function is
introduced to enhance the robust performance of SVR such that a robust support vector regression is derived.
Because the proposed AEPSVR here is based on ¢-SVR, so various optimization methods for SVR can be used.

Experimental results show that the proposed AEPSVR can reduce the affect of outliers, and have the very good

generalization capability.
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