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Automated MRI Brain Tumor Segmentation
Based on Feature Extraction
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(1. Department of Electronic Engineering, Tsinghua University, Beijing 100084;
2. Graduate University at Shenzhen, Tsinghua University, Shenzhen 518055)

Abstract Automated MRI brain tumor segmentation provides a powerful tool for diagnosis. In this paper, a tumor segmentation method using
multi-feature extraction and AdaBoost feature selection is presented. The method utilizes the information of MR images and the anatomical
knowledge, and takes the advantage of the feature selection ability of AdaBoost. Experimental results on 20 slices MR images demonstrate the
effectiveness of the feature selection, and achieve an accuracy of 96.82% on tumor segmentation.
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