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Research on Face Recognition Method Based on
Wavelet Transform and NMF

ZHANG Zhiwei, YANG Fan, XIA Kewen, YANG Ruixia
(School of Information Engineering, Hebei University of Technology, Tianjin 300130)

Abstract The traditional ways of character extraction of humane face image, such as PCA, ICA and so on, have low processing speed and low
identification rate, this paper brings out a new method based on NMF in character extraction. An image is decomposed by using WT into different
frequency subbands, then face recognition is implemented with the subspace. Experiment results indicate that this approach can largely reduce
computing complexity and has higher recognition rate which is up to 90%. The results also show that the approach has obvious potential in practical

usage.
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