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Face feature extraction method based on CGA and ICA

WU Jian-hua, LI Na, LI Jing-hui, CHEN Lan-feng
(College of Information Science and Engineering, Northeastern University, Shenyang Liaoning 110004, China)

Abstract: Independent Component Analysis (ICA) was presented as an efficient face feature extraction method. In order
to improve the ability of ICA, a Genetic Algorithm ( GA) was used to select optimal Independent Components (ICs) and
reconstruct new feature space. Projecting image into new feature space can get the projecting coefficients as its feature. In
order to avoid the initial population’s asymmetry and make the search more global-oriented, the chaos was applied to the initial
population of GA (CGA). Experimental results show that the CGA-ICA method performs better than ICA method.
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