HBEF1HE AL Vol. 28 No. 1
2008 1 A Computer Applications Jan. 2008

SCE S :1001 - 9081(2008)01 — 0134 —02
PR FEEE XML SV P RBHBSH

EA S b
(1. BhRAEARE R HHRENRE SEORER, R #h0 5280005 2. WGy Mg SR TR¥EE, K 410083)
( wdong@ fosu. edu. cn)

W EARNETHLZERMASGRALPAEAREAGLAREHE, BT HZAT IHAENS B TLL
HORdEFHEE BEABRETHEZATA GRS APERELY B EAFRARBERE LG EREIET X
HUA R GHRE, REFIRT — s bR TR TR RN,

KR X HGEN; S E B RSB T R &

MESES: TPI8  XEIRERD:A

Utilizing particle swarm optimization to
optimize hyper-parameters of SVM classifier
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Abstract: Particle swarm optimization used for optimization selection for hyper-parameter of support vector machine
classifier was designed and implemented utilizing global searching property of particle swarm optimization algorithm while the
algorithm was used to solve combinatorial optimization problems. The method of individuals coding and evaluating was

described in brief. The experimental statistic results demonstrate that the algorithm is effective and efficacious. In the end,

some in-depth works are listed on the base of above-mentioned study.
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