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Abstract: A new method based on two-dimensional feature extraction in the complex domain is proposed for face
recognition in this paper. First, face images are performed by mirror transform, and the original face samples and
the corresponding mirror samples are used to compute the even symmetry samples and the odd symmetry samples,
respectively. The even symmetry samples and the odd symmetry samples are used to form complex samples by an
odd-even weighted factor. Then the complex image within-class scatter matrix and the complex image
between-class scatter matrix are defined in the complex domain, respectively, to calculate a family of optimal
complex projection axes, and complex face samples are projected onto the family of optimal complex projection
axes to extract the face features. Finally, a nearest neighbor classifier is employed to classify the extracted features.

The method in the paper is evaluated on the NUST603 face image database. Experimental results show the
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proposed method achieves better performance.
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