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Application of SVM Sensor and Data Fusion in Distributed
Intrusion Detection System
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Abstract To solve the difficulty of traditional SVM applied into IDS, a distributed intrusion detection model based on SVM sensor with
probability estimation and data fusion is proposed. The local SVM’s advantage and differences among each local SVM’s performance are considered
in this model. Experimental results carried out with KDD99 dataset show that the model can make false positive lower and improve the efficiency of
the intrusion detection
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