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Facial Affective Features Extraction Based on Gabor Wavelet
and Fractal Dimension

YE Ji-xiang'?, HU Xiu-li®
(1. School of Information Science and Engineering, Central South University, Changsha 410001;
2. School of Computer & Telecommunication Engineering, Changsha University of Science & Technology, Changsha 410076)

Abstract This paper introduces an algorithm of facial affective features extraction. It preprocesses a still image with facial affective information,
extracts affective feature vectors of the expression sub-regions with Gabor wavelet transformation and calculates fractal box dimension and
difference fractal dimensions of a facial expression image. These vectors and dimensions are seen as the extracted features. Experiment shows that
different affective features are extracted, and the result is better when different subjects display seven basic affectivity, so affective features can be
extracted effectively based on Gabor wavelet transformation and fractal dimension.
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1.538~ 1.549~ 1.501~ 1.581~ 1.549~ 1.578~ 1.496~
1.621 1.608 1.622 1.684 1.625 1.669 1.617
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26 0 0 2 1 1 0 86.6
1 26 2 0 0 0 1 86.6
0 2 22 0 3 0 3 73.3
0 0 0 28 0 2 0 93.3
1 1 2 0 23 0 3 76.6
1 0 0 2 0 27 0 90.0
0 1 3 0 1 0 25 83.3
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