¥34E 1A it B NI 2008 &£ 1 A
Vol.34 No.1 Computer Engineering January 2008

c ALERERIRFIFHA - XEHS: 1000—3428(2008)01—0187—03  CRKAFIRAG: A FESES: TPI7
HMM Wedgelet

403 710025

Wedgelet Wedgelet
Markov Hausdorff Wedgelet

Wedgelet

Image Compression Algorithm Using
Multiscal Wedgelet Based on HMM

YANG Wei, LI Jun-shan, HU Shuang-yan, WU Zhi-xuan
(403 Department of the Second Artillery Engineering College, Xi’an 710025)

Abstract Aiming at shortcomings of wavelet transform on compressed image edges, this paper proposes an improved multiscale Wedgelet
algorithm based on rate-distortion. Geometry coherence is applied to optimization guideline in process of multiscal Wedgelet decomposition. This
paper establishes hidden Markov model, utilizes Hausdorff distance to measure efficiency of image Wedgelet decomposition, natural geometrical
property of approximative image edge is obtained. Experimental results show the algorithm is effective.
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