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Age Estimation of Facial Images Based on
Boosting RBF Neural Network
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[Abstract] Age change is the mainly factor of causing variations in the appearance of human faces. Due to many lifestyle factors, it is difficult to
precisely estimate age from face images. This paper presents a method to estimate age from facial images and uses NMF for extraction of facial
features. These facial features are used to build a function for an age estimation——a relationship between a facial image and its corresponding age
using RBF neural network. In order to improve the precision of the RBF neural network for age estimation, it uses boosting algorithm to build a
integration-neural network, a set of experiments of age estimation are presented. Experiment results show good estimation performance of the

method.
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