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Workflow Mining: Novel Automatic Method of Workflow Modeling

LI Yan, FENG Yugiang
(Dept. of Management Science & Engineering, Management School, Harbin Institute of Technology, Harbin 150001)

[Abstract] To solve the problems of strong subjectivity, poor efficiency and high cost in traditional workflow modeling, a novel modeling method
automatically deriving model from workflow logs is appeared, which is called as workflow mining. At present this method is in primary stage in the
world, but it has aroused extensive solicitude. This paper summarizes the scholars’ main studies in workflow mining, introduces the modeling
process of two different kinds of mining algorithms in detail, compares and analyzes their performances, and explains the modeling process with an

actual example.
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