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Abstract A new learning algorithm of fuzzy classification rules is presented based on ensemble learning algorithm. By
tuning the distribution of training instances during each AdaBoost iterative training, the classification rules with fuzzy
antecedent and consequent are produced with genetic algorithm. The distribution of training instances participate in
computing of the fitness function and the collaboration of rules which are complementary is taken into account during rules
producing, so that the classification error rate is reduced and performance of the classification based on the fuzzy rules is
improved.
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