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Research on Web Text Appraisable Classification

CHAI Yumei, XIONG Delan, ZAN Hongying
( College of Information Engineering, Zhengzhou University, Zhengzhou 450052)

Abstract This paper analyzes the objectivity of appraisal of content in Webpages and feasibility of appraisable classification, and introduces
theory and implement method of Web text appraisable classification. Combined existing technique of feature selecting with the method of
appraisable feature extracting, the thesis implementes appraisable classification in some celebrities’ Webpages by several classification algorithm,

and achieved preferable effects.
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c1 786 692 138 165 342 452 221
c2 894 543 182 275 495 508 453
c3 132 125 84 84 182 325 %
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