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Bayes Analysis Method of AMSAA Models of Grouped Data in Reliability Growth Test

XTAO Xiao-ying
Abstract

(Nanchang Campus, Jiangxi University of Science and Technology, Nanchang, Jiangxi 330013 )
During the course of reliability growth test, due to the carelessness of tester or other causations, Bayes reliability growth analysis

method was put forward according to the AMSAA model of grouped data. The parameters of model, the estimation of Bayes point and interval

were obtained. Calculation was conducted combining with the practical example.
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Fig.3 Differential pulse voltammograms in different concentra-
tions of rutin standard solution
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