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Abstract: Pattern tree is the most frequently used data structure in frequent item-set mining.By using pattern tree,database can
be effectively compressed into main memory,and the subsequence mining task can be completed in main memory.To make fur-
ther improvement on the scalability of the algorithm,we make a further study on the pattern tree,and propose a new algorithm
called FP-DFS based on the study.FP-DFS simplifies the mining processes through applying various operations on pattern tree.
The experiments show that FP-DFS has good efficiency in frequent item-set mining.
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