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State estimation of band stochastic nonlinear systems

CHEN Hui-chan ZHANG Zhuo-kui
School of Science Xidian Univ. Xi'an 710071 China

Abstract A band stochastic nonlinear system with the nonzero mean and correlated white noise is discussed.
A singular values standard form for band stochastic nonlinear systems with the band singular matrix is given by
generalized inverse matrix and singular value decomposition of the matrix. The optimal recursive estimates for
predicting and filtering of this system’s states are obtained.
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