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Abstract: Collaborative filtering is the most prevalent algorithm of personalized service,but there are always two difficult prob—
lems for collaborative filtering algorithms,that is,data sparsity and expansibility.In this paper,a collaborative filtering algorithm is
proposed based on item category.On the foundation of classifying items,it converts rating matrix of user—item into user—category
of item.And then it clusters users,finds the nearest neighbors of active users in the sub—clustering that the active users exist in.
Finally,it recommends to active users.Experiments show that the proposed algorithm reduces the data sparsity and dimensionality,
its recommendations are good,and the simultaneity and expansibility of the algorithm is improved effectively.
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