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Abstract: This paper proposes a new condition choose strategy for Ant—Miner,is called dual condition choose strategy.Applied it
to Ant-Miner algorithm,and compared it with original Ant—Miner on two standard data sets.The result shows that it is better than
original algorithm on both predicted accuracy rate and run time.
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Ant-Miner S0 BARHANT:
Begin
Training Set=all training cases;
While(NO.of uncovered cases in the Training Set>Max_Un—

covered_Cases)

1=0;
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Repeat
i=i+l;
Ant; incrementally constructs a classification rule;
Prune the just_constructed rule;
Update the pheromone of the trail followed by Ant;
Until (i =No_of Ants JOR(Ant; constructed the same rule as
the previous No_Rules_Converg—1 Ants)
Select the best rule among all constructed rules;
Remove the cases correctly covered by the selected rule
from the Training Set;
End while
End
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jel;

Then choose term;
End for
Else
Choose term; with max p;
End if
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num=0

maxpr=max(p )

While

If pj==maxpr
If covernum(term;)>num
num=covernum(term;)
choose term;
End if
End if

End while
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(1 )No_of_ants:l 000;

(2)Max_uncovered_cases=10;

(3 )Min_cases_per_rule =5;

(4)No_rules_converg=5.

S SR RS SRR, , AR B ARy,
BREEEIT R, B — A B AR A IR EE i
HABIRAERINZREE, KRS T T TR B0 P 3B R
R I F A FNREEE . S28 5% ] MATLAB 7.0 245,
F 2 RPN 0 SR A R

#2 TRER

Hepatitis Tic—tac—toe

Ant-Miner Dual AntMiner Ant-Miner Dual Ant-Miner

predicted accuracy rate/(%) 8667263 9334229 7504+4.82 777£292
run timefs 047 045 575 391
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