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Abstract: Aiming at the difficulty in extracting eigenvectors and the difficulty of traditional SVM algorithm in diagnosis multi—
classification,a novel hybrid model for machinery fault diagnosis combining wavelet packet analysis and multiple support vector
machine classifier based on binary tree is put forward.According to the method,the energy of different frequency bands after
wavelet packet decomposition,as eigenvectors,are input into the multiple support vector machine classifier depend on fault priority
to find support vectors and construct hyperplane.And then testing samples are diagnosed according to the hyperplane.Experimental
results show that the method proposed above is effective.
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