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Abstract: Text chunking is a very important approach to preprocessing parsing.lt divides text into syntactically related non—overlap—
ping groups of chunks in order to reduce the complexity of the full parsing.In this paper,a SVM—-Adaboost algorithm is applied for
Chinese text chunking which combines Adaboost with linear—kernel SVM.This algorithm uses SVM as weak learners for AdaBoost

and adjusts the kernel parameter of SVM in the learning process.The experimental results show that it is an effective approach.
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