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Abstract: A novel approach to the segmentation of Multiple Sclerosis(MS) lesions in T2-weighted Magnetic Resonance(MR) im-
ages is presented.According to the characteristic of MS lesions show the same high brightness with CerebroSpinal Fluid(CSF) in
T2—-weighted images,combining the strengths of the kernel fuzzy C—means algorithm and morphology characteristics of MS lesion
tissues, the segmentation of MS lesions based on kernel fuzzy C-means algorithm is presented.The modified kernel fuzzy C-means
algorithm is used to basic segmentation.Then the MS lesions are extracted by morphological method.The MS segmentation in sim-
ulated T2—weighted MR images show that the proposed algorithm can provide a powerful segmentation.
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