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Abstract: One—class classifier is currently a hot spot of pattern recognition field.One—class classifier with negatives is based on
one—classifier,by leading into a few costful abnormal samples to reinforce the classification.This model applies to the problems
handling the two kind data categories imbalances where positives more over than negatives.It is proposed in this paper that using
support vector data description with negatives in security audit data analysis system.Through some experiments,it is proved to be
more sensitive with exceptional samples,so it will be more valuable in practice.
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