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Abstract: Grid computing has been a hotspot in recent years.Facing geographically distributed,hybrid,autonomous and dynamic
changing grid resources,how to manage and schedule them is a key problem,and is still far to be solved satisfactorily.This paper
presents a novel grid resource management model based on Agent.In order to take full advantage of intelligence and adaptability
of agents,dynamic fuzzy knowledgebase and relevant fuzzy () learning algorithm are designed for the agents.The model and algo—
rithm have largely met the needs of intelligence,flexibility,scalability and optimization for grid resource management and schedul-
ing.Simulation experiments show that the proposed model and algorithm works soundly and efficiently.
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Stepl:for(all (s,a)) { initialize Q(s,a);}

Step2:for(all S,) {

Step2.1:select a state S,,traversal the knowledgebase;

Step2.2: If(there exist valid guiding knowledge )
then chose the action @ according to the guiding knowledge;
else chose the action @ according to Boltzmann distribution;

Step2.3:do action @,observe the new state s,,,and get the re—
ward 1, ;

Step2.4:update the knowledgebase according to r,,, ;

Step2.5:adjust the value of Q by formula (1);

Step2.6:S,<s,,, 3

Step2.7:if(s,,, meets the goal) { learning finished;}

}
Step3: End.
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