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Improved DBSCAN Algorithm for Public Bus Station Cluster

CAI Yong-wang, YANG Bing-ru
(School of Information, Beijing University of Science and Technology, Beijing 100083)

Abstract The paper presents an improved DBSCAN algorithm for bus station cluster, which improves the degree of accuracy by shrinking the

searching radius and merging the clusters by the share object. As a result it efficaciously avoids over-segmentation and reduces the number of noise

points. Thus, it effectively shields the sensitivity of the input parameter, produces better clustering results, and reduces the influence to the cluster

result by density disparity. And the high performance of the origin algorithm is maintained at the same time. Experimental results demonstrate by

cluster of Beijing bus station. And the accuracy of cluster increasesby 16%, which indicates that improve algorithm is valid.

Key words clustering; Density Based Spatital Clustering of Application with Noise(DBSCAN) algorithm; sensitive to input parameter; data

mining
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ExpandCluster ExpandCluster
C
Bool ExpandCluster(SetOfPoints, Point, Clld, &, Minpts)
{
seeds=SetOfPoints.regionQuery(Point, €);
I SetOfPoints Point e
if (seeds.size<Minpts) //
{
SetOfPoints.changeClld(Point, NOISE); //
return false; }
else //seeds Point
{
SetOfPoints.ChangeCllds(seeds, ClId); // id Cld

if(!isshare(point)&&checkinfo(point))
1
seeds.delete(Point);
else
savesharep(point, ID_info)//
while(seeds!=null)
{
currentp=seeds.first();
result=SetOfPoints.regionQuery(currentp, €);
if (result.size>=Minpts)
{
for (int i=1; i<=result.size; it++)
{ resultp=result.get(i); // result i
if (resultp.ClId In {UNCLASSIFIED, NOISE})
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if (resultp.ClId=UNCLASSIFIED)
I
seeds.append(resultp); / seends

SetOfPoints.changeClId(resultp, ClId);// id} }
seeds.delete(currentp); / seeds I
if(sharepoint > 4)
combincluster(Id_cluster); // >4 }
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