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Efficient Cleaning Approach for XML Data
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Abstract By studying characteristics of duplicate XML data, this paper proposes an active machine learning method for a specific application,
which is applied to glean transformation rules and matching rules, and accurately identify duplicate XML elements. Transfomation rules are used to
eliminate the structural diversities among elements and matching rules are used to identify the relationships between parent and child nodes. In turn,
during the detection phase an efficient hash filter algorithm is proposed to reduce computational complexity. Theory and experiment shows that the
method can solve this problem efficiently and effectively.
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