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On-line PPM Prediction Model Based on Non-compact Suffix Tree
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Abstract Prediction by Partial Matching(PPM) models are appropriate for predicting the user’s next request, but these models are not on-line and
their updates are implemented by rebuilding models which can not meet the real-time update. This paper presents an on-line PPM prediction model
based on non-compact suffix tree. The model makes use of non-compact suffix tree to implement the incremental on-line update, and its update
speed is improved. This model has the important property of being on-line.
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1 Algorithm ModelAppendOnline(A, T)
A T
T

Begin

i=Get_Active_Context( A ,T);

// A

p=Active_Context[i];

/Ip A

flag=0;Temp_Suffix=0;

While (p)

Begin

If (p q A)

q 1

Else

Begin

End

If (flag==0) Active_Context[i]=q;

flag=1;

p=p - Suffix_Pointer;

If(Temp_Suffix!=0) Temp_Suffix—Suffix_Pointer=q;
Temp_Suffix=q;

End
Return T;
End
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2 Algorithm ModelDeleteOnline(A, T)
A T



T 4(a) (AABABCBCD} 1

Begin A 1 {BC}
Begin {ABC}, {AB} {A} 1 4(b)
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T A P
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While (p) 33
Begin 3.1 3.2
push(p);
P Sii+1] q 3 ModelPrediction(A, Threshold, T)
If (q!=NULL) A Threshold T
Begin
push(q); Begin
P=q: i=Get_Active_Context(A);
) End p=Active_Context[i];
U End while(p—Child==NULL&&p!=T) p=p—Suffix_Pointer;
While( ) If (p!=T&&p) p
Begin Threshold q;
p=pop(); Else
p—count=p—count-1; Return “No Prediction”;
If(p—count==0) delete p; Return q;
End End
End 4
Return T PPM
End PPM
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